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Fig. 3. The robot platform used in the experiments.

categoryS category6 category7 category8
Fig. 4. Eight categories consisting of forty toys.

Grounding of Word Meanings in
Multimodal Concepts Using LDA
Nakamura et al. 2009
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On the Integmtion of Grounding
Language and Learning Objects
Yu et al. 2004



Interactive Space Between Adjectives

S1=0.5,

uheavy” - ﬁ>4

S1> 0.5,
“light” —— fi=2
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1. “heavy” vs “light”
2. “bright” vs “dark”

3. “crowded” vs “lonely”

4 near s far®

5. “tast’ vs ‘slow”

6. “uncovered” vs “touching”
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